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Are Analystsô Recommendations for Investment Banks Biased? 

Evidence of Another Conflict of Interest 

 

abstract 

 

This paper provides evidence of a conflict of interest faced by equity analysts who provide 

recommendations for investment banks that are related with their own investment banks through 

a syndicate relation. Analysts issue significantly more optimistic recommendations for 

investment banks that their bank syndicates with. Consistent with the conflict of interest 

hypothesis, they also issue relatively positive recommendations when the investment bank the 

recommendation is issued for is higher ranking than their own investment bank. Also, they issue 

more optimistic recommendations when they issue recommendation for investment banks that 

are active in underwriting of securities of the same type as the analystsô investment bank.  
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Are Analystsô Recommendations for Investment Banks Biased? 

Evidence of Another Conflict of Interest 

 

1. Introduction  

 

 The popular press has repeatedly suggested that equity analysts face a conflict of interest 

when analyzing firms and issuing research reports.
1
 The potential for a conflict of interest is 

deemed to be especially large when an underwriting relationship exists between the analystsô 

investment bank and the firm the analyst follows. The $1.4 billion settlement in April of 2003 

between ten large brokerage firms and the SEC, in which the brokerage firms where charged to 

be too optimistic when issuing analyst reports for underwriting clients, leads credence to the 

claim that their research may be biased in order to win underwriting mandates.
2
 A number of 

researchers have addressed the issue of bias in analyst reports. For example, Dugar and Nathan 

(1995), Lin and McNichols (1998), Michaely and Womack (1999), and more recently Iskoz 

(2003), Malmendier and Shantikumar (2007), and Agrawal and Chen (2008) find evidence of 

optimism in reports issued by affiliated analysts. Kadan et al. (2005) do find that the amount of 

bias has declined somewhat after the introduction of several new regulations and the Global 

Settlement. Nevertheless, the optimistic bias does not cease to exist.
3
 

In this paper I focus on analyst bias in a different and until now unstudied context: 

analyst recommendations for other investment banks, in general, and analyst recommendations 

                                                 
1
 See for example óFixing Wall Street research years after global settlement, critics say conflicts remainô (WSJ 

11/12/2006). 
2
 This settlement is often named ñGlobal Settlementò in the press. In 2006 Wachovia Corp. agreed to pay $25 mln. 

in order to settle similar claims (AP Financial Wire 7/5/2006). 
3
 Bradshaw et al. (2003) show that recommendations tend to be optimistic when issued for firms that are issuing 

equity, irrespective of whether the analysts are affiliated to the issuers.  Ljungqvist et al. (2006) provide evidence 

suggesting that aggressive analyst behavior does not increase chances of winning underwriting mandates, when 

controlling for the strength of prior underwriting and lending relationships. Their findings suggests that the observed 

bias in analystsô forecasts may not reflect a conflict of interest. 



 

for investment banks that are related through syndication, in particular.  Corwin and Schultz 

(2005) suggest that members of the underwriting syndicate prefer not to share fees and prestige. 

It is therefore likely that analysts of investment banks that are active in underwriting will not 

issue negative recommendations for other members of the syndicate in fear of retribution (i.e. not 

being able to participate in future syndication). Adding to a possible reluctance to issue negative 

reports about fellow syndicate members is that being part of a syndicate may be a precursor to 

becoming a lead manager (Ljungqvist et al. (2005)). This potential conflict of interest could be 

even larger than the one commonly studied which investigates conflicts of interest in the context 

of issue underwriting. The first reason is that, in contrast to building a relation with a potential 

issuer who may issue equity or debt infrequently, a good relation with a fellow investment bank 

who can get the analystsô bank into more (or keep the bank in) syndicates may be much more 

beneficial as syndication occurs frequently.
4
 The second reason is that, as noted by Ritter (2003), 

underwriting has changed in the last decades to a more transactional based relation where issuing 

firms change underwriters frequently. This makes these underwriter relationships short lived, in 

contrast to the relationship that I study. A syndicate relationship potentially exists as long as the 

investment banks involved exist. That these relations are indeed important and thus valuable (at 

least in an IPO setting) is noted by Corwin and Schultz (2005, p.444) who write: ñThe single 

strongest determinant of whether an underwriter is included in a syndicate is participation in 

recent syndicates led by the same book manager. Almost as important is whether the book 

manager participated in recent offerings managed by the syndicate memberò. 

This paper has some important methodological advantages when compared to the earlier 

studies (such as Lin and McNichols (1998) and Michaely and Womack (1999)) that look at 

                                                 
4
 In this paper I do not distinguish between commercial banks and investment banks as long as they are ranked as 

underwriters of debt or equity, I use the terms bank and investment bank interchangeably.  



 

analyst bias and conflict of interest. Most of this earlier li terature realizes that optimistic bias 

could also be the result of selection bias and that the causality between bias and underwriting 

relationships is unclear (i.e. it is not clear whether firms choose their underwriters based on the 

optimism of the analysts or whether analysts become optimistic as their investment bank 

becomes the underwriter of the firm they follow). But most of these papers do not have the 

empirical design to distinguish between the conflict of interest hypothesis and the selection bias 

explanation.
5
  In my paper selection bias is unlikely to be an issue. The reason why in these 

earlier studies selection bias is an issue is because the issuing firm benefits from choosing an 

underwriter who is relatively positive about the firmsô prospects as this will likely increase the 

proceeds form the issue. In the setting of this paper the lead investment bank that selects the 

other banks in the syndicate does not need these other banks to be positive about the prospects of 

the lead investment bank in order to increase underwriting proceeds, but rather have them 

provide help in other syndicate functions such as information production, certification, analyst 

coverage, and market making. A second advantage is that my methodology allows me to look at 

differences in analystsô behavior around the initiation of a relation (which allows for sharper tests 

of the hypotheses). This in stark contrast to using recommendations of affiliated and un-affiliated 

analysts (measured by the involvement of the analystsô investment bank with the issuing firms 

debt or equity offering) which has the disadvantage that it cannot investigate analyst behavior 

prior to the start of the affiliation if the affiliation is caused by underwriting the issuing firms 

IPO (as very few analyst will issue reports at that time).  

                                                 
5
 A third explanation for observed optimism in recommendations and forecasts is based on a self-selection argument. 

McNichols and OôBrien (1997) suggest that analysts are more likely to cover firms for which they are optimistic 

which censors the distribution of recommendations, making the average to appear optimistically biased. However, 

this explanation does not explain why reports of affiliated analysts are more biased then reports of unaffiliated 

analysts. Recently, some other papers attempt to distinguish between conflict of interest and selection bias. 

Examples are Kolasinski and Kothari (2007) and Malmendier and Shantikumar (2007). These papers will be 

discussed in the next section. 



 

To further investigate whether analyst make optimistic recommendations as a result of a 

conflict of interest I bifurcate the sample of recommendations in other ways as well. If being too 

optimistic (and thus inaccurate) is costly (see for example Hong and Kubik (2003)) analysts will 

only act in this manner in situations where the benefits outweigh the costs associated with being 

inaccurate. The basic premise of my paper is that this is the case when the two investment banks 

involved in the recommendation (the first investment bank as the followed bank and the other as 

the analystsô bank) are ñrelatedò though syndication. There are several other instances where a 

similar conflict of interest could exist. First, banks only have an incentive to be overly optimistic 

when it comes to recommending banks that are of higher rank then themselves. It is difficult to 

imagine that a bulge bracket underwriter would be willing to put its reputation on the line for a 

lower ranked investment bank such as a major or sub-major investment bank. Second, one would 

expect that banks will only be over optimistic when recommending banks that are active in 

underwriting of the same issues as they are, as only then there is the possibility of a syndication 

relationship. Third, because the revenues of underwriting are substantially higher for equity 

underwriting it would be of more importance to a potential syndicate member who is active in 

equity underwriting to be overly optimistic.  

So, in this paper I show that analysts are relatively optimistic about the prospects of 

investment banks that are ñrelatedò by looking a set of 2,473 recommendations in the time-

period 1994-2004.
6
 In both univariate and multivariate analysis I find that when the investment 

banks of the followed bank and the analystsô bank are linked through participation in the same 

syndicate(s) in the year prior to the recommendation the issued recommendation is significantly 

                                                 
6
 I focus on recommendations rather then forecasts because potential conflicts are easier to disentangle when 

investigating recommendations (see also Agrawal and Chen (2008)). Conflicts of interest will most likely result in 

higher recommendations, for earnings forecasts they could result in lower forecasts, in order to generate higher 

earnings surprises (e.g. Matsumoto (2002) and Chan et al. (2006)). 



 

more optimistic then when this relationship does not exist. I further find that this relative 

optimism is existent for both debt and equity relations although it is not more prevalent when the 

relationship is based on equity syndication participation (relative to debt syndication), which is 

inconsistent with the idea that equity syndication may be of more importance as more fees can be 

earned, relative to debt underwriting. I also find that recommendations are more optimistic when 

the investment bank of the analyst is ranked beneath the bank for which the recommendation is 

issued. This finding is consistent with the notion of lower ranked banks facing less reputational 

costs and thus exhibit willingness to issue positively biased recommendations, especially when 

the payoffs may be large (i.e. when the bank for which the recommendation is issued is a more 

important player in the underwriting business, which may in turn mean that it has the power to 

include the analystsô investment bank in the syndicates it forms). I also show that over the 

sample period the amount of bias changes. Although in all periods ñrelatedò recommendations 

are more optimistic and ranking differences between the followed investment bank and the 

investment bank of the analyst matter, these patterns are less clear in the middle third of the 

sample period. In the period 1998-2001, which coincides with the run-up in the stock market 

prior to the dot.com bubble bursting, relative optimism is significantly less. This could be 

explained by the fact that in this period the market may have been in disequilibrium, given the 

large amount of deal flow (as suggested by Ljungqvist et al. (2006)). Closer investigation also 

shows that the increase in optimism is especially prevalent when ñrelatednessò gets initiated. 

Furthermore, I find that the main findings are robust to changes in the way I calculate optimism 

and the way I measure whether banks are related. 

Overall, this paper suggests that analysts may face a conflict of interest when issuing 

recommendations for fellow investment banks. This conflict of interest is existent when the 



 

investment banks are related through syndication and when the analystsô bank is ranked lower 

than the bank that he or she follows. 

 The next section will contain the related literature and develop the hypotheses. Section 3 

describes the data, whereas section 4 will have the main results. Section 5 will  describe the 

results of some robustness tests. Finally, section 6 will summarize and conclude. 

 

2. Related Literature and Hypotheses 

 

This section reviews some of the earlier literature on analystsô (over) optimism and 

whether these findings are the result of a conflict of interest or selection bias.  This section will 

also have a short section on syndication. Finally, it will contain my hypotheses. 

 

2.1. Conflict of interest 

 

A large literature has developed investigating analyst recommendations and potential bias 

therein.
7
 Several reasons why recommendations may be optimistically biased have been 

advanced in the literature. First, sell recommendations tend to generate less trading volume when 

compared to buy recommendations. Clearly, the brokerage side of the investment bank may 

therefore pressure the analysts to issue positive recommendations. Womackôs (1996) findings of 

a relative paucity of sell recommendations may be explained by this argument. Second, Francis 

and Philbrick (1993) claim that analysts may attempt to curry favor with management of the firm 

they issue recommendations for in order to have easier access to their information. A third reason 

                                                 
7
 Note that my paper focuses on recommendations. Another (large) literature investigates biases in analystsô 

earnings forecasts. Most of the discussion in this section can be applied to recommendations as well as earnings 

forecasts. 



 

is potential self selection. McNichols and OôBrien (1997) suggest that analysts are more likely to 

report on firms for which they have favorable views. If analysts do not report expectations for 

which they have a negative outlook the lower tail of the recommendation distribution will be 

censored leading to pervasive observed over optimism. 

These three reasons that may explain potential bias are not per se limited to 

recommendations of analysts that are employed by investment banks that have an underwriting 

relationship with the recommended firm. Having an underwriting relationship introduces 

potential additional bias. Early evidence such as Dugar and Nathan (1995), Lin and McNichols 

(1998), and Michaely and Womack (1999) suggests that analysts of investments banks that are 

affiliated to the firms they follow (i.e. they are underwriting issues of the firm) provide more 

optimistic reports than analysts that have no relation with the firm. Studying a more recent period 

Iskoz (2003) produces similar findings. 

 The observed positive bias of affiliated analysts could also be the result of selection bias. 

Issuing firms may select their underwriters based on the favorableness of the forecasts and 

recommendations of the analysts affiliated with the underwriter. Earlier literature such as Lin and 

McNichols (1998) uses stock price reactions in an attempt to distinguish between the two 

hypotheses. However, stock price reactions, which are used to measure informativeness of the 

recommendation could also differ as a result of information availability to the analyst. For 

example, Michaely and Womack (1999) suggest that analysts working for investment banks that 

underwrite will have superior information about their clients. During the underwriting process 

they will gain an informative advantage relative to analysts whose banks are not part of the 

process. Allen and Faulhaber (1989) also suggest that underwriters will have superior 

information about the firms they underwrite. This informational advantage should then be 



 

reflected in the recommendations issued by the analysts. If these analysts do indeed possess 

superior information one would expect the market to react accordingly and hence returns should 

be more positively related to recommendations of these analysts vis-à-vis other analysts.
8
 

More recently a number of researchers have attempted to disentangle the two hypotheses 

in other ways. For example, OôBrien et al. (2005), investigate differences in the speed of 

downgrading by affiliated and non affiliated analysts. They find evidence that investment 

banking ties increase the reluctance to reveal negative news, which they suggest is evidence of a 

conflict of interest. Kolasinski and Kothari (2007) investigate analyst activity around M&Aôs. 

Using the fact that around mergers and acquisition analysts have incentives to bias both 

optimistic and pessimistic they find weak evidence (for analyst recommendations, not for 

forecasts) in favor of the selection bias hypothesis and none for the conflict of interest 

hypothesis. Malmendier and Shantikumar (2007) compare recommendations and forecasts of 

analysts. They find that forecasts are less biased when compared with recommendations. Based 

on the premise that recommendations are targeted to individual investors and forecasts to 

institutional investors this suggests that analysts distort recommendations (i.e. bias positively) 

strategically. Thus, the observed positive bias reflects a conflict of interest.  Finally, Kadan et al. 

(2005) study the introduction of several new regulations (Rule NASD 2711, Rule NYSE 472, 

and the Global settlement) on analyst behavior. Their findings suggest the conflict of interest 

                                                 
8
 Various authors have investigated abnormal returns around the recommendation date to test whether 

recommendations of affiliated analysts are more informative. The results of these papers are not conclusive. For 

example, Dugar and Nathan (1995) and Iskoz (2003) do not evidence of different stock price reactions around the 

recommendation announcement date whereas Lin and McNichols (1998) and Michaely and Womack (1999) and 

McNichols et al. (2004) do find different stock price reactions. Kadan et al. (2005) finds that there were differences 

prior to 9/2002 and no difference in the period thereafter. Agrawal and Chen (2008) also investigate stock price 

reactions around the recommendation announcement date and conclude that investors discount research of affiliated 

analysts.  Controlling for timing, Bradley et al. (2006) do not find evidence of different market reactions, although 

they investigate the initiation of recommendations in the period after the IPO. In short, it is hard to draw conclusions 

based on stock price reactions as they may reflect superior information which is the result of having an underwriting 

relationship. 

 



 

declined as the amount of optimism of analysts decreased, however there is still a substantial 

reluctance of analysts to issue sell recommendations which may not rule out a potential selection 

bias. That is, issuers may not be willing to choose investment banks whose analysts are issuing 

sell recommendations. In short, affiliated analysts seem to be too optimistic, but the literature is 

not in agreement whether this is the result of a conflict of interest or whether it is the result of a 

selection bias. In the setting of my paper I do not have to contemplate whether a possible finding 

of optimism is the result of selection bias as selection bias is not a possible explanation. A 

finding of over optimism can only be explained as being the result of a conflict of interest.  

 

2.2. Syndication 

 

 A plethora of academic research exists that describes the role of a syndicate in debt or 

equity offerings (see for example Corwin and Schultz (2005)) for IPO syndicates or Pichler and 

Wilhelm (2001) for a brief summary on syndication). The members of the syndicate can provide 

several functions such as information production, certification, analyst coverage, and market 

making. The fees paid by the issuer (generally a 7% spread in equity IPOs and significantly 

lower in equity SEOs and debt offerings) are divided by the members of the syndicate, where the 

lead and co managers get the largest fraction. For smaller investment banks these revenues may 

be substantial (even when the bank is only involved as a minor syndicate member). In addition to 

the importance of the revenues associated by being a member of the syndicate being part of the 

syndicate may have other important benefits. Given the nature of competition in securities 

underwriting it may be difficult to become lead manager but being involved as a junior member 

of the syndicate may serve as a stepping stone to later become lead manager which is why 



 

Ljungqvist et al. (2006) conjecture that investment banks compete not only to be lead managers 

in debt or equity offerings but also to be co-managers. In Ljungqvist et al. (2005) they show that 

investment banks are willing to provide aggressive coverage for issuers in order to become co 

manager. The central premise of this paper is that another way for investment banks to curry 

favor with other syndicate members is to provide optimistic recommendations.  

 

2.3. Hypotheses 

  

In order to test whether analystsô over optimism is the result of a conflict of interest I 

compare a sample of recommendations of analysts that are ñrelatedò to the bank they cover (i.e. 

another investment bank who is part of the same syndicate(s) as the analystsô bank) and thus may 

have an incentive to be optimistic about their prospects in order to remain included in the 

syndicate with a sample of ñunrelatedò recommendations. Hence the first hypothesis is: 

 

H1: Analysts issue more optimistic recommendations for investment banks that are 

related to their own investment bank. 

 

I use a measure of ñrelatednessò similar to Ljungqvist et al. (2005) that measures the amount of 

mutual participation in syndicates (debt and equity) in the year prior to the recommendation of 

both the bank of the analyst and the bank that the recommendation is issued for. To make 

recommendations comparable across banks, analysts, and time I use relative recommendations 

(by subtracting the median of the existing recommendations from the issued recommendation). 



 

 One would expect that the syndication relation matters most to the analystsô bank when 

the bank that is being followed is active in underwriting of the same securities as the analystsô 

bank. Hence, in addition to the overall measure of ñrelatednessò, which does not differentiate 

between equity and debt syndication, I recalculate the measures of ñrelatednessò for debt and 

equity separately (i.e. calculate a measure of ñrelatednessò based on mutual syndicate 

participation of debt or equity issues). If there is a conflict of interest I expect that for both debt 

and equity the amount of optimism is larger when banks are related through underwriting of the 

same securities. The second hypothesis therefore is: 

 

H2: Analysts issue more optimistic recommendations for investment banks that are 

related though syndicate participation in the same type of issuance (debt or equity) to 

their own investment bank. 

 

As mentioned in the previous paragraphs, the proceeds of equity underwriting are generally 

higher than those of debt underwriting, this suggest that analysts and their banks may be willing 

to sacrifice their reputations to a larger degree than those involved in debt underwriting. I 

therefore expect that ñequity-relatednessò may exhibit a larger degree of optimism. Hence the 

third hypotheses states: 

 

H3: Analysts issue more optimistic recommendations for investment banks that are 

related to their own investment bank if the relation is the relationship is based on 

participation in equity syndication, rather than debt syndication.   



 

In order to test this hypothesis I calculate ñrelatednessò using only debt or equity issues and I 

expect optimism to be higher for ñequity-relatednessò vis-à-vis ñdebt-relatednessò. 

The fourth hypothesis tests whether the ranking of the investment banks in the 

relationship matter. Given the costs associated with being inaccurate it is difficult to envision 

that bulge bracket investment banks are likely to be too optimistic (and inaccurate) unless they 

are associated with other bulge bracket investment banks. On the other hand for major and sub-

majors this may not be the case. They are more likely to be optimistic for two reasons. First, they 

may have less to loose as they have less reputation to worry about. Second, they have potentially 

more to gain by currying favor with the higher ranked banks that tend to run the syndicates. 

Hence this hypothesis states: 

 

H4: Analysts issue more optimistic recommendations for investment banks that are 

related to their own investment ranked relatively higher than their own investment bank. 

 

I use the rankings for the year in which the recommendation was issued to measure the relative 

rankings of the banks involved. 

  

3. Data 

 

 This section describes the variables used in the later analysis as well as the manner in 

which the sample is generated. First, I review the way in which the recommendations that are the 

cornerstone of the analysis are collected. In the second part of this section I will describe how the 

variables used in the analysis are created. 



 

3.1. Sample of recommendations 

 

In order to generate my sample of recommendations for banks involved in underwriting 

activities I combine the detailed US recommendations file from IBES, using the period from 

01/01/1994 until 12/31/2004 which contains 370,690 recommendations, with a list of 

underwriters during this period. The list of underwriters is created as follows. For each of the 

years 1994-2004 I use the SDC New Issues database and extract the top-50 rankings (equity and 

debt, separately). This results in a list of 1,101 investment bank-years.
9
 I ensure that banks do not 

appear more then once per year (for example, if an investment bank is both ranked for debt and 

equity I only keep one record).
10

 The merge of the list of investment bank-years with the 

recommendations file yields 4,484 observations. I proceed by merging these observations with 

CRSP in order to get abnormal returns around the estimation date and to ensure that all banks 

that are being followed are listed as US ordinary shares (CRSP share codes 10 or 11). This 

reduces the sample to 4,056 recommendations. To ensure that all analysts in e sample are faced 

with similar incentives all recommendations for which I am not able to match the investment 

bank of the analysts with the list of top-50 rankings are deleted. This deletes 1,583 observations. 

My fi nal sample consists of 2,473 recommendations. 

 Panel A of Table 1 summarizes these 2,473 recommendations. The number of 

recommendations per year varies from a minimum of 136 recommendations in 2004 to a 

maximum of 438 in 2002. I use the reverse of IBES recommendation values to numerically 

                                                 
9
 In 1999 ABN AMRO Rothschild and JB Were & Son were jointly listed at number 50 in the equity rankings, 

therefore the number of yearly observations is 1,101 instead of 1,100 (11 years * 50 investment banks * 2 rankings + 

1 investment bank year).  
10

 Also, in some cases the same investment bank is ranked more then once. For example in the top 50 debt 

underwriters for 1995 I find both Goldman Sachs & Co as well as Goldman Sachs International. In instances like 

these I only keep the observation that is ranked highest. 



 

describe the recommendations in the sample. This means that recommendations will have values 

between 1 and 5 where 5 is the highest (strong buy) and 1 is the lowest (sell) recommendation. I 

then calculate relative recommendations (the recommendation minus the latest available 

consensus recommendation at the date of the recommendation) to make comparison among 

different banks, analysts, and time periods possible. I find that there is a wide variety of relative 

recommendations. For the mean I find that in 1994, 1998 and 2002 sample recommendations are 

significantly negative (using a t-test), whereas in 1996 they are significantly positive. For the 

median I find (although numerically the median relative recommendation is always 0) 

significance (using the wilcoxon sign rank test) in the same direction as for the means. The last 

item in Panel A is abnormal returns around the recommendation date. I calculate the 3-day 

market adjusted CAR around the recommendation date (using the CRSP dividend adjusted Value 

weighted market returns). I find significant negative (positive) abnormal returns for the mean in 

1998 and 1999 (2003 and 2004). For the median I find significant positive abnormal returns in 

1996, 1998, 2003, and 2004, and significant negative abnormal returns in 1999. 

 In Panel B I show characteristics of the banks that are being followed. The number of 

banks for which I have recommendations is fairly constant over the sample period and ranges 

from 19 (2000) to 28 (1996). As per my sample construction all of these banks are ranked. I find 

that for about half of the sample years in the sample period banks have both equity and debt 

rankings. For example, in 1994 there are 10 such banks. These are relatively large banks as their 

mean (median) equity ranking is 10.10 (8.00) while their mean (median) debt ranking is 9.00 

(8.00). The importance of these banks is also illustrated by their combined market shares. In 

1994 I find that they have a combined equity (debt) market share of 47.00 percent (60.60 



 

percent). During the sample period the rankings of these banks does not change very much, 

although the combined market shares, especially for equity, increase.  

 The other half of the sample banks has only a debt or equity ranking. Not surprisingly, 

these banks tend to be smaller underwriters. For example, in 1994 there are 2 banks that have an 

equity ranking but no debt ranking, while there are 8 banks with a debt ranking but no equity 

ranking. That these banks tend to be lower ranking is shown by mean rankings of 25.50 (22.13) 

for equity (debt) and a combined market share of 2.90 percent (5.80 percent) for equity (debt). 

Although I find that the importance of the only equity ranking banks remains more or less 

constant over time (the combined market share never is higher than 7.20 percent), I find a 

decreasing trend for the only debt ranked banks (combined market share decreases from 5.8 

percent in 1994 to 0.80 percent in 2004). 

 In the third part of Table 1 (Panel C) I show the same characteristics as in Panel B, but 

now for the banks that issue the analyst recommendations. The number of banks issuing 

recommendations remains more or less constant around 25 or so. The distribution of these 

among, both equity and debt ranked (16 in 1994), only equity ranked (7 in 1994), and only debt 

ranked (3 in 1994) does not change much over the sample period. Similarly, the rankings and 

market shares of the banks that issue recommendations do not change much over the sample 

period. In short, the sample of recommendations is constant over the sample period, contains 

recommendations for banks that are very involved in the issuing process, and are 

recommendations issued for banks that are very important in this process as well.  

 

 

 



 

3.2. Measure of ñrelatednessò 

 

 To create my measure of ñrelatednessò I employ a method that is similar in spirit to 

Ljungqvist et al. (2005). The main idea is to measure how often the two investment banks (the 

bank that is being followed and the bank from which the analyst provides the recommendation) 

have been active in the same syndicate, underwriting either debt or equity. The measure that I 

develop is a simple ratio of the times both investment banks are in the same syndicate to the total 

amount of times the followed bank is in a syndicate. For example, if the analystsô bank is always 

present in the syndicate when the followed bank is part of the syndicate the measure will take a 

value of 1. The other extreme will be when both banks are never in the same syndicate, in which 

case the measure will have a value of 0. 

 From the SDC new issues database I extract all public new issues of US common stock 

and non-convertible debt for the period 1993-2004.  This yields a total of 129,766 debt issues 

and 12,394 equity issues. I exclude issues that have proceeds that are missing, and issues for 

which the SIC codes are either missing or in the ranges 6000-6999 or 9000-9999. Because I am 

interested in matching up the followed investment bank and the investment bank that 

recommends the stock I only maintain issues that have at least 2 underwriters. These screens 

limit  the number of usable issues to 13,521. I report the distribution of these in Panel A of Table 

2.  The number of issues varies from a minimum of 718 in 2003 to a maximum of 1,614 in 1993. 

When I split up the sample by type of issue I find that both debt and equity issues are well 

represented. Then number of equity issues ranges from 323 in 2003 to 1,152 in 1996, whereas 

the number of debt issues ranges from 250 in 2004 to 791 in 1993.  



 

I proceed by matching the followed bank (for the 2,473 recommendations) with these 

issues. I find that in the 365 days prior to the recommendation there are 1,394 recommendations 

where the followed bank was involved in at least one syndicate.
11, 12

 For 294 recommendations 

the followed bank was active in 1 to 5 issues (Panel B). I find 134 (180 and 157) observations 

where the followed bank was involved in the syndicate 6 to 10 (11 to 20 and 21-50) times. There 

are a relatively large number of recommendations of 414 recommendations where the followed 

bank was very active (participation in a syndicate for more then 50 times). For 1,394 the 

followed bank was not active in any role in any syndicate in the year prior to the 

recommendation. 

For the same sample of issues I find that the investment bank with whom the analyst is 

affiliated is active 1-5 times for 301 recommendations. The other categories 6-10, 11-20, 21-50, 

and >50) have less than 100 observations, each. There is a fairly large number of 

recommendations for which the analystsô investment bank is not involved in the syndicate (1,895 

recommendations). When the syndicate involvement is split into debt and equity issues only it is 

clear that for both debt and equity issues there are a significant amount of recommendations for 

each of the categories. For example, for 151 recommendations (of a total of 2,473) I find that the 

followed bank was involved in at least 50 equity syndicates in the year prior to the 

recommendation. The corresponding number of debt involvement is 234 recommendations. The 

analystsô banks that provide the recommendations are also active in syndication. More than 
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 A well recognized problem with research that deals with investment banking is the large amount of mergers etc. 

of investment banks. In my analysis I use all syndication involvement in the 365 days prior to the recommendation 

by all banks that comprise the investment bank at the time of the recommendation. For example, historical 

syndication involvement of Morgan Stanley - Dean Witter consists of the involvement of the Morgan Stanley Dean 

Witter as well as Morgan Stanley and Dean Witter separately.   
12

 I do not limit myself to specific roles in the syndicate.  In a later section I employ robustness tests by limiting 

involvement to various roles within the syndicate for both the followed firm as well as the analyst firm. 



 

1,000 (2,473-1,394) recommendations are linked to analyst banks that have involvement in either 

debt or equity underwriting syndication in the year prior to the recommendation. 

In Table 3 I show the quantitative details of the ñrelatednessò measure. For 1,375 

recommendations of my 2,473 recommendations I am able to calculate ñrelatednessò.
 13

 When I 

set missing values to 0 (Panel A) I find that mean ñrelatednessò is about 4 percent. I also 

calculate ñrelatednessò for equity and debt issues separately. Values of slightly over 4 percent for 

equity and about 2.5 percent for debt are obtained. In Panel B, I exclude observations for which 

no ñrelatednessò can be calculated. I find that for the 578 observations that have values of 

ñrelatednessò the mean is slightly over 17 percent. The interquartile range is about 17 percent 

which suggest that there is significant dispersion as well. For debt and equity ñrelatednessò I find 

similar magnitudes. To measure difference in ranking between the analyst bank and the followed 

bank I create a variable named ranking difference. This variable is simply the difference between 

the highest ranking (equity or debt) of the followed bank and the analyst bank. The results in 

Panel C show that the mean difference is 4.01. This means that for the average recommendation 

the followed bank is higher ranked then the analyst bank. However, as indicated by the first 

quartile there is a substantial amount of instances where the reverse occurs. I also calculate the 

ranking difference for those recommendations where both banks are active in equity. This is the 

case for 1,444 recommendations. Again, the analysts bank is ranked higher than the followed 

bank, albeit that the mean rank difference is only 0.75. Also, the first quartile suggests that the 

reverse occurs substantially often. The ranking difference using only debt shows a similar 

pattern. 
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 Note that I require the followed firm to be either a Joint Leader, Book Manager, or Joint Book Manager in an 

issue to ensure that the analyst has an incentive to be optimistic if a relationship exists. In the robustness section of 

the paper I relax this requirement. 



 

4. Results 

 

In this section I present the results of the analysis. The first section describes the findings 

in a univariate setting whereas the second section confirms the main findings in a multivariate 

setting. 

 

4.1. Univariate analysis 

 

 

The first hypothesis states that analysts whose investment banks are ñrelatedò to the 

investment bank that is being followed issue more favorable recommendations. I test this 

hypothesis by comparing relative recommendations for the samples of ñrelatedò and ñunrelatedò 

recommendations. Table 4 shows the results. The mean relative recommendation (defined as 

recommendation minus median prevailing consensus recommendation) is 0.05 for ñrelatedò 

recommendations (p-value of 0.19) whereas the mean relative recommendation for ñnot relatedò 

is -0.05, which is significant at the 5 percent level. This suggests that ñrelatedò recommendations 

are relatively optimistic and recommendations that are ñnot relatedò are relatively pessimistic. A 

t-test for the difference in means confirms that there is indeed a significant difference as the t is 

2.20, which is significant at the 3 percent level. This confirms the hypothesis that ñrelatedò 

recommendations are upwardly biased and thus may be the result of a conflict of interest. When 

the median relative recommendations are investigated a similar pattern emerges. ñRelatedò 

recommendations are significantly more optimistic than recommendations that are ñnot relatedò. 

Panels B and C investigate the claim that ñrelatedò analyst are more optimistic in more detail. In 

Panel B (C) I define ñrelatedò as being syndication partners in equity (debt) underwriting in the 

year prior to the recommendation. Again, the same pattern emerges. When analysts are in active 

in syndication of the same type of security there is a significant difference between ñrelatedò and 



 

ñnot relatedò recommendations and the bias therein, confirming the first hypothesis. Panels B 

and C also address the second hypothesis, which states that the conflict of interest should be 

especially prevalent when the analystsô investment bank and the followed bank are active in 

underwriting of the same security (debt or equity) the conflict of interest should be prevalent. 

Closer inspection does seem to refute the third hypotheses. It does not appear to be the case that 

there is a large difference in optimism when the relative recommendations for ñrelated-equityò 

and ñrelated-debtò are compared. As a matter of fact the mean relative recommendation for 

ñrelated-equityò is 0.05 (p-value of 0.20) whereas it is 0.08 (p-value of 0.09) for debt. Hence, the 

univariate analysis does not support the claims that analysts working for banks involved in equity 

underwriting are more likely to optimistically bias their recommendations for banks that are also 

active in equity underwriting when compared with debt. 

 In Table 5 the relative recommendations are shown when bifurcated by ranking 

difference. To test the fourth hypothesis that states that analysts are more likely to be optimistic 

when their bank is ranked lower (or equally ranked) than the bank they are following, I group the 

relative recommendations by whether the analysts bank is lower (or equally ranked) as compared 

to the followed bank. If the hypothesis is correct I expect a significant difference in relative 

recommendations between these two samples. The analysis in this Table confirms this. When the 

bank of the analyst is lower or equally ranked than then followed bank I find that the mean 

relative recommendation is 0.02, but when the analysts bank is higher ranked I find a value of -

0.06 (p-value of 0.03). The difference between these samples is significant at the 5 percent level 

with a t-value of 2.00. The medians exhibit a similar pattern. This finding does suggest that 

analysts of lower ranked banks (who have less reputational risk) are more likely to be optimistic 

then their higher ranked counterparts. Interestingly, when I investigate ranking differences of 



 

debt or equity separately I find a similar pattern. It is however substantially weaker as the 

differences are never significant with p-values between 0.15 and 0.28. This finding may be 

explained by reputational costs being related to the reputation (and thus ranking) of the bank (i.e. 

the highest ranking of debt and equity ranking) and not the level of the individual debt or equity 

rankings. 

 It has been well documented that in during the sample period analystsô behavior may 

have changed. To control for possible changes I split the sample into 3 periods.  The first part 

(1994-1997) of the sample period can be characterized as a period where the structure of the 

investment banking industry and the competition for underwriting syndicates was changing as a 

number of banks that hithereto were not allowed to underwrite became fully involved in 

underwriting activities. The second part (1998-2001) of the sample period encompasses the tech-

boom. During this period the number of equity issuances increased substantially which may have 

altered the way in which recommendations were used. As noted by Ljungqvist et al. (2006) this 

period may even be considered as being in dis-equilibrium as far syndication and analyst 

behavior concerned. The third part of the sample period (2002-2004) is after the tech bubble 

burst and during this period analysts did receive a significant amount of negative press (as well 

as lawsuits such as the Global Settlement) which may have made the costs of being too 

optimistic too high. In order to investigate whether the earlier observed patterns change during 

the sample period I analyze the three sub periods separately. The results are shown in Table 6. 

Panel A shows the sample of relative recommendations by time period. It is clear as the sample 

period moves towards the last third become more pessimistic (or less optimistic). This may be 

explained by the increased visibility of analystsô recommendations and an effect of the Global 

Settlement. When I split the sample further (in Panel B) by ñrelatednessò an interesting pattern 



 

emerges. In the first part of the sample period ñrelatedò analysts are significantly positive where 

as ñnot relatedò analysts are not biased. In the middle part of the sample period the difference 

seems to disappear, whereas in the latter third of the sample period there is a difference again, 

but now the ñnot relatedò analysts are significantly negatively biased whereas the ñrelatedò 

analysts seem to be unbiased. Overall Panel B suggests that for the beginning and the end of the 

sample period ñrelatedò analysts were relatively more optimistic than their ñunrelatedò 

counterparts. For the middle part of the sample period this pattern does not emerge. This may be 

due to the fact that this period coincides with the tech boom. This time period is characterized by 

a significant upsurge in underwriting activity and therefore analysts may not have needed to be 

as optimistic about their ñrelatedò banks as underwriting proceeds may have been easy to 

generate. Panel C investigates the ranking differences in the three subsample periods. Again, the 

same pattern as in the previous Panels appears. 

          

4.2. Multivariate analysis 

 

 The previous section showed that ñrelatedò analysts as well as analysts of banks that are 

lower ranked (relative to the bank that is being followed) are relatively more optimistic. It also 

showed that there were important differences in analyst behavior in the different sample periods. 

In this section I employ multivariate analysis to investigate whether these patterns still exist 

when controlling for some other factors. Table 7 shows the results of this analysis. In all models 

I use the relative recommendation as the dependent variable. To ensure that correlations of errors 

at both the followed bank and the analystsô bank level are controlled for and are not biasing the 

standard errors I control for clustering at both these levels in the regressions.  In model 1 (model 



 

2) I use a dummy equal to 1 if the banks involved in the recommendation are ñrelatedò and equal 

to 0 otherwise (the actual measure of ñrelatednessò, ranging from 0 to 1). In addition I include a 

dummy equal to 1 if the followed bank is ranked above the analystsô bank, as well as dummies 

for the periods 1998-2001 and 2002-2004, and the log of the number of analysts. The results 

confirm the univariate findings. In model 1 the dummy for ñrelatedò is significant (p-value = 

0.10). The dummy for ranking difference is almost significant (p-value = 0.18) and has the 

correct sign. In model 2 the opposite occurs. In this model I find that the ranking difference is 

significant but the coefficient on the ñrelatedò variable is insignificant (p-value = 0.14) and has 

the correct sign. Not surprising, given these earlier findings, the dummy for the third part of the 

sample period is always negative. The log of the number of analysts does not appear to be 

relevant. When I run similar regressions using equity measures only (models 3, 4, 5, and 6) I find 

that ñrelated-equityò is significant in 4 of the 4 models. Interesting is that when I include a 

dummy for higher equity ranking of the followed bank the coefficient is insignificant (models 3 

and 4), whereas it becomes almost significant when I include the overall higher ranking dummy 

(based on debt or equity, models 5 and 6). When this analysis is repeated using debt measures 

(models 7, 8, 9, and 10) a similar patter arises. However, it appears that the related-equity 

measures are slightly more significant than in the debt based regressions. In short, the 

multivariate analysis confirms the earlier findings that analysts that are ñrelatedò seem to be 

optimistic and that this also the case for analysts that are working for banks that are lower ranked 

then the bank they are following, suggesting the existence of a possible conflict of interest.  

 

 

 



 

5. Robustness Tests 

 

In this section I investigate the robustness of the findings in the earlier sections. First, I 

investigate the effects on the relative recommendations when ñrelatednessò increases. In the 

second part of this section I alter the way in which I calculate optimism and employ different 

measures of ñrelatednessò to show that the findings are robust to alternative measures of 

optimism and ñrelatedness. 

 

5.1. Changes in ñrelatednessò 

 

 One of the advantages of using ñrelatednessò to see whether there is a conflict of interest 

is that it allows me investigate changes in ñrelatednessò. Table 8 shows the results of doing so. In 

Panel A I show changes in relative recommendations if the ñrelatednessò increases. For the 276 

observations that increase ñrelatednessò from one recommendation to the next I find a mean 

increase in relative recommendation of 0.06 (from -0.03 to 0.03). This is however not a 

significant increase (p-value of 0.44). The patterns for the median are similar. More interesting 

are the results when bifurcated by increase in equity and deb ñrelatednessò. The mean for 

increases in debt ñrelatednessò is 0.09 (from a relative recommendation of 0.03 to 0.11) but for 

equity I find an increase of 0.12 which is almost significant (p-value of 0.18). Again, for medians 

the patterns are similar. Increases in ñrelatednessò can be the result of an initiation in 

ñrelatednessò. This would be the case if the two banks involved are not ñrelatedò prior to the 

recommendation but do become ñrelatedò by the time of the current recommendation. One would 

expect to find that in this case there would be a larger incentive to change the bias in the 



 

recommendations. In order to investigate this claim I split up the increase in regular increases in 

ñrelatednessò (Panel B) and initiations (Panel C). The findings here do confirm this intuition. In 

Panel B I do find any significant changes. However, in Panel C the changes in the relative 

recommendations are significant. For example, the mean increase in relative recommendations is 

0.22 (p-value of 0.06) for the overall measure of ñrelatednessò. The increase is 0.23 (p-value of 

0.10) when a debt relation is initialized and goes up to 0.26 (p-value of 0.03) when an equity 

relation is initialized. These findings, again, do suggest that ñrelatednessò is associated with bias 

in recommendations.
14

 

  

5.2. Changes in measurement of bias 

  

In Table 9 the results of several robustness checks are provided. First, the way optimism is 

calculated is changed. Instead of calculating the relative recommendation by subtracting the 

median prevailing consensus recommendation I use the mean (Panel A). Doing so does not alter 

the main result of the paper that suggests that related analysts are more optimistic. When I use 

the raw recommendation (ranging from 1 to 5, where 5 is the highest recommendation), I again 

find that related analysts are more optimistic. Panel B shows that the mean recommendation is 

3.86 for related analysts versus 3.76 for those that are not related. The difference is significant at 

the 4 percent level. In Panel C I restrict the sample of recommendations to those that have more 

than five analysts. The reason for this is to minimize the chance that the prevailing consensus is 

based on the recommendation of the analyst issuing the recommendation. Again, the main results 

remain. 
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 I replicate this analysis for decreases in ñrelatednessò but do not find significant differences. 



 

5.3. Changes in measurement of ñrelatednessò 

  

 Note that in the original calculation of ñrelatednessò I excluded issues that had SIC codes 

6000-6999 and 9000-9999. In Panel D I show that including these issues does not alter the main 

findings. I still find a significant difference between ñrelatedò and ñunrelatedò analysts in the 

median. The mean is not significantly different but has the correct sign and a p-value of 0.14 

(note that the difference in the median is significant). In Panel E I do not restrict myself to issued 

with more than 1 bank involved whereas in Panel F I do not restrict the sample of issues to those 

where the followed bank is a Joint Leader, Book Manager, or Joint Leader. In both cases the 

main results remain. In Panel G I restrict the calculation of ñrelatednessò by using only issues 

that were less than half a year prior to the recommendation date. Again, this does not alter the 

main findings.  

 

6. Conclusions  

 

Overall, this paper provides evidence suggesting that analysts may face a conflict of 

interest when issuing recommendations for fellow investment banks. This conflict of interest is 

existent when the investment banks are related through syndication and when the analystsô bank 

is ranked lower than the bank that the analyst follows. This finding is important given the 

amount of debate in academic and popular press on biased analyst reports. Most of this debate 

centers on bias as the result of underwriting relationships with the issuing bank. However, it is 

hard to attribute the findings of bias in that context to a conflict of interest as it could also be the 

result of selection bias. In the setting of this paper this is not the case.   



 

I show that analysts are relatively optimistic about the prospects of investment banks that 

are ñrelatedò by looking a set of 2,473 recommendations in the time-period 1994-2004 and find 

in both univariate and multivariate analysis that when the investment banks of the followed bank 

and the analystsô bank are linked through participation in the same syndicate in the year prior to 

the recommendation the issued recommendation is significantly more optimistic then when this 

relationship does not exist. I further find that this relative optimism is existent for both debt and 

equity. Additionally, I also find that recommendations are more optimistic when the investment 

bank of the analyst is ranked beneath the bank for which the recommendation is issued. This 

finding is consistent with the notion of lower ranked banks facing less reputational costs and thus 

exhibit willingness to issue positively biased recommendations, especially when the payoffs may 

be large (i.e. when the bank for which the recommendation is issued is a more important player 

in the underwriting business, which may in turn mean that it has the power to include the 

analystsô investment bank in the syndicates it forms).  
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Table 1   

Sample characteristics 

Panel A: Recommendation Characteristics 
Year N Relative recommendation Abnormal return (%) around recommendation date 

  Mean Median Mean Median 

1994 266 -0.21***  -0.00***  -0.20 -0.23 

1995 260 0.08 0.00 -0.05 0.12 

1996 158 0.36***  0.00***  0.26 0.37* 

1997 161 0.11 0.00 0.12 0.29 

1998 209 -0.15**  -0.00**  -0.98** 0.41***  

1999 205 0.07 0.00 -2.95***  -0.98***  

2000 201 -0.25 0.00 -0.57 -0.63 

2001 204 0.00 0.00 0.11 0.23 

2002 438 -0.21***  -0.00***  -0.00 0.15 

2003 235 0.06 0.00 0.52***  0.41***  

2004 136 -0.04 -0.00 0.69** 0.22**  

Panel B: Followed Investment Bank Characteristics 
Year N Equity & debt ranked Only equity ranked Only debt ranked 

  Equity ranking and market share Debt ranking and market share Equity ranking and market share Debt ranking and market share 

  Mean Median Comb. 

mktshr 

Mean Median Comb. 

mktshr 

N Mean Median Comb. 

mktshr 

N Mean Median Comb. 

mktshr 

N 

1994 20 10.10 8.00 47.00 9.00 8.00 60.60 10 25.50 40.00 2.90 2 22.13 22.50 5.80 8 

1995 22 11.70 11.00 51.50 10.00 9.00 60.10 11 8.00 8.00 3.90 1 27.10 30.50 8.60 10 

1996 28 15.25 11.00 50.40 14.25 8.50 62.40 12 24.50 20.50 7.20 4 27.17 24.50 7.90 12 

1997 27 16.40 13.00 53.40 17.40 12.00 63.20 15 22.00 20.50 5.50 4 27.38 29.00 6.10 8 

1998 23 13.36 9.50 67.90 14.29 11.50 66.40 14 24.25 24.50 2.50 4 28.20 32.00 5.00 5 

1999 23 11.00 7.50 76.10 11.25 7.50 71.50 12 34.20 34.00 3.50 5 26.28 29.30 6.80 6 

2000 19 10.75 8.50 71.60 9.92 7.00 73.60 12 27.50 27.50 4.10 2 30.60 29.38 2.20 5 

2001 20 9.70 9.50 61.10 9.50 5.50 63.70 10 32.00 32.00 0.40 2 30.75 29.00 2.70 8 

2002 24 12.20 7.00 67.30 9.40 6.00 66.30 10 24.25 21.50 4.30 8 33.00 32.50 2.20 6 

2003 23 14.58 9.00 63.40 13.33 8.00 63.40 12 29.83 29.00 3.10 6 30.20 31.00 3.00 5 

2004 21 12.00 7.50 72.20 13.92 9.00 68.20 12 25.20 22.00 2.80 5 27.00 28.00 0.80 4 




